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[Abstract] Large—scale open collaborative environment has brought new challenges to the efficient
management of e—learning resources. The traditional management methods based on page views and rating
rankings are difficult to guarantee the generation and continuous evolution for high —quality e —learning
resources. How to construct an intelligent early warning model for the evolution of e—learning resources is
the core problem of solving the efficient management of e—learning resources in the era of big data. Based
on the implementation process of e —learning resource evolution warning task, this study constructs a
technical model of e-learning resource evolution warning on the basis of exploring the issues of resource
evolution state representation, resource evolution element item extraction, resource evolution state labeling,
and mathematical definition of resource evolution warning task. The experimental performance on two
datasets extracted from the Learning Cell Platform shows that the proposed early warning model
outperforms the comparison algorithm in terms of predicting accuracy, F1, AUC and other indicators.

[Keywords] E-learning Resource; Learning Resource Evolution; Early Warning Model; Deep Learning;

Convolutional Neural Network

(L% 46 W)

to emphasize the learning process, and the open connection organization system based on learners” needs.
In addition, the multi—dimensional relationships among the system components are also sorted out from
formal logic, structural logic, hierarchical logic and functional logic. The construction of the large—scale
personalized teaching system requires multi —agent participation to cultivate a collective intention. It is
necessary to train teachers” ability to implement the institutional function step by step, to form a
collaborative rule system through the construction of auxiliary institutions, and to improve the indirect
system and nurture the overall ecology.

[Keywords] Large —scale Personalized Teaching; Big Data; Online Education; Teaching Institution;

Personalization



